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Abstract

The credit score which was traditionally regarded as the measure of financial soundness has
become a complex tool which not only affects the lending policies but also affects the marketing
policies. This essay examines this financial-artificial intelligence (Al) and consumer behavior
interconnection and how the credit rating system could be deployed to personalize marketing
processes and influence consumer relationships. The companies in collaboration with the Al-
based analytics and the financial data will have the chance to better segment the consumers into
groups, forecast their buying behavior, and make specific offers that would reflect the individual
credit history. The article describes the moral, social, and financial consequences of the
specified practice, and how the use of predictive modeling would ensure that the targeting will
become more effective and how it will aid in the implementation of the already existing
inequalities within the financial sector. The methodology will be a quantitative and qualitative
analysis of the consumer data and marketing practice of the financial institutions and fintech
companies respectively. Important discoveries reveal that the credit scores have become a proxy
of behavioral data that can be of help to the marketers in directing the communication, product
suggestions and promotion planning. Nevertheless, the use of Al raises concerns of
transparency, data privacy, and the bias of the algorithms and requires a delicate balance
between the innovation and consumer protection. In addition, the paper reports the attitudes and
responses of the consumers towards credit-based marketing and the findings demonstrate
complicated patterns of behavior depending on trust, financial literacy and sense of fairness.
The credit scoring as part of the bigger socio-technical system can be understood better because
it is a financial instrument as well as a facilitator of marketing as explained in this paper.
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Introduction

Although the credit scores are not an outright projection of the past behavior of the individuals
as far as repayment is concerned, in the modern financial ecosystem they have become a
mechanism of strategy which can be used to manipulate consumer action. Conventionally, the
lenders have utilized the credit scores as a risk measure in a standard procedure of estimating
the chances of loan repayment. However, with the growth of the number of digital finance
platforms, and the application of artificial intelligence (Al) during the process of interaction
with the decision-making process, these scores are becoming more actively involved as a
marketing tool. Utilization of credit information by the financial institutions has not only led to
the evaluation of risk, it has also provided to products, personal offers and enhanced the
engagements of the customers.

Finance, Al, and consumer behavior have become unified, thereby providing fresh prospects to
targeted marketing strategies. It is now more than ever that lenders can predict their consumer
needs, purchasing behavior, and credit worthiness with Al-based analytics. It can permit a
highly personalized financial advice, which will have a consequence on the choice to borrow
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and the brand devotion. In the meantime, the awareness of the consumers as far as their credit
score is concerned affect their financial practices hence the two-way influence of credit
information in shaping the marketing policies and consumer behavior. Although this practice is
formed as the most modern, there are also severe ethical and regulatory issues concerning credit
scores as a marketing tool. The concerns on the privacy, the problems with the fairness, and the
bias of the algorithms imply that the impact of the credit checks mediated by Al on the market
dynamics should be discussed at some length. This crossroad must be understood to generate
viable financial marketing policies that would benefit the institutions and the consumers. The
paper reflects on the intricate credit score concept in the contemporary business environment
where Al technologies are reinventing the conventional financial metrics into strong consumer
behavior forecasting tools. An analysis of the existing practices, trends, and implications in the
study gives some insight on the next interface of finance, technology, and marketing in the 21st
century.

Background of the study

The credit scores have assumed a major tool in the present-day financial market that defines the
personal borrowing capacity and the institutional decision-making process. The credit scores
were used traditionally to assess the risk and they provided the lenders with a quantitative
analysis of the probability of consumer to repay loans. However, as the digital technologies
become more and more integrated, as the artificial intelligence (AI) continues to gain
momentum, the credit scores will be used not to determine risks as they used to be historically.
Financial institutions are considering credit scoring as a strategic marketing tool and promoting
the products and services are being tailored on predictive information that the consumer
behavioral pattern can offer.

The change belongs to a broader shift in the industry of finance where the concept of big data
and Al-based analytics are transforming the way companies communicate with their audience.
Credit scores previously used as a static numerical parameter of financial reliability, have
changed to dynamic parameters that may be utilized to customize marketing intervention. By
developing specific response offers and consumer interactions, the firms can predict consumer
needs through the identification of trends of credit usage and repayment behaviour and financial
habits.

Finance, Al, and consumer behavior come to an intersection, which is both prospective and
ethical. Even though credit scores could be a useful marketing tool to increase customer
satisfaction and business growth, the issue of privacy, level of fairness and transparency cannot
be ignored. The increased use of Al models as the source of the elaborate financial data
screening cannot be overlooked to ensure that the marketing policy does not serve as the cause
of the spread of the biases or failure to cover a certain segment of customers.

The area of intersection of credit scoring, Al and consumer behavior is therefore a critical
component of the field to scholars and practitioners. It enables one to better comprehend that
financial measures may be capable of influencing the marketing plans, reorganizing the
connections of consumers and altering financial decisions, in a more digitized economy. This
paper will discuss these dynamics and present the insight of how credit score has revolutionized
the concept of marketing today and how technology and finance relationship is evolving.

Justification

The idea of credit scoring has always been a concept that is considered solely as a financial
instrument to gauge the creditworthiness of a person. Nevertheless, within recent years, the
integration of financial analytics with artificial intelligence (Al) and consumer behavior
research has broadened the possibility of using credit scores in other applications than risk
assessment. The research is justified by the fact that little has been known about the use of credit
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scores as a tool of strategic marketing and the study attempts to provide information on how
financial institutions and businesses can use these scores to customize their products, services,
and messages to target consumer groups.

In the view of the growing use of Al and machine learning, predictive models have now been
able to analyze substantial amounts of data and detect subtle trends in consumer behavior. These
capabilities allow companies to leave behind the concept of one-size-fits-all thought to a more
focused marketing strategy, increasing the level of customer interest and possibly leading to
revenue growth. However, the ethical, practical and behavioral consequences of using credit
scores in marketing situations have not been extensively examined in the literature.

This research investigates a very significant gap because it examines how the fields of finance,
technology, and psychology intersect, providing the frameworks on which credit score analysis
based on Al may be applied to manipulate marketing strategies without compromising on the
areas of privacy, fairness, and transparency. Moreover, the findings can be used by financial
institutions and policy-makers to devise a responsible and information-based marketing that will
not hurt consumer trust and financial success.

Objectives of the Study

1. To examine how credit scores can be a strategic marketing instrument in informing
consumer purchasing behavior and operations of financial products.

2. To analyze the concept of artificial intelligence in credit model scoring, the evaluation
of how the artificial intelligence insights impact the use of personalized marketing and
predictive consumer behavioral analysis is required.

3. To examine the consumer pattern of the behavior based on the marketing programs in
the form of credit score, spending behavior, loans acquisition, and brand loyalty.

4. To assess the ethical and regulatory concerns of using credit scores as a marketing tool,
especially in the areas of privacy, discrimination and security of data.

Literature Review

1. Introduction

The implementation of the Artificial Intelligence (Al) in credit scoring has revolutionized the
financial service industry offering more accuracy in prediction and individualised marketing.
The author of this literature review pays attention to the intersection of Al and credit scoring
and consumer behaviour, and emphasizes the effect of Al-based credit scoring on marketing
and consumer decisions.

2. Al-Driven Credit Scoring Models

Traditional methods of credit rating such as logistic regression have played a significant role in
the assessment of credit risk. These models have a tendency of having non-linear relationships
with the data though. New technologies like Al based models are now being proposed, including
the artificial neural networks (ANNs) and decision trees, which are more accurate, and flexible
in assessing credit risk. To illustrate the case, Ghoujdam (2024) conducted a comparative
analysis of logistic regression, ANNs, and decision trees and the authors established that Al
models perform better in credit risk estimation. Besides, Al models can utilize other data sources
such as social media physical activity and non-conventional financial aspects to conduct a more
comprehensive analysis of the creditworthiness of an individual. This is an effective method of
improving predictive accuracy as well as financial inclusion due to provision of credit facilities
to people with limited credit histories in the traditional sense.

3. Al in Marketing and Consumer Behaviour

The use of Al in marketing has changed the nature of interactions between businesses and
consumers. The AI technologies allow the individualization of marketing strategies by
processing consumer data to forecast preferences and behaviours. Masnita et al. (2024) produce
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a systematic review of the importance of Al in marketing and give the future directions of
research, highlighting that Al would help to improve customer experiences and efficiency of
marketing efforts.

When applied to credit products, Al can help marketers to better divide the consumers into
groups that are more likely to react to certain offers. This strategy does not only enhance the
efficiency of marketing but also supports the consumer preferences because the personalized
marketing is more favourable to the consumers.

4. Ethical Considerations and Consumer Trust

Al usage in credit rating and marketing has ethical concerns particularly in fairness and
transparency. Studies have also shown that there are some instances of discriminatory practices
based on Al-based credit scoring, with the minorities being underserved. Using the example,
Lui (2025) mentions the necessity to provide consumers with the explanations of decisions,
made by algorithms in the credit, which are transparent and accountable. To limit such fears,
scientists suggest that explainable Al models must be created to ensure that the consumers are
aware of how their credit scores are determined. This is transparency that can contribute to
consumers being more trusting and keeping Al using credit scoring and marketing to ethical
standards.

S. Implications for Marketing Strategies

The implementation of Al in credit rating will require a change in marketing approaches. Not
only should marketers study the consumer behaviour, but they should also reach awareness of
the ethical consequences of applying Al-driven insights. The creation of effective and ethical
marketing strategies includes making Al-based applications transparent and dealing with all
possible biases and establishing the trust of the consumer. Moreover, as Al keeps on developing,
marketers need to be aware of the developments in Al technologies and how they relate to
consumer behaviour. This active practice will allow marketers to adjust their strategies to the
evolving situation in Al as far as finance and marketing are concerned.

Material and Methodology

Research Design:

The research design that will be used in this study is a mixed-methods research design, which
will merge both quantitative and qualitative design designs to analyze the use of credit scores
as a marketing tool. The quantitative part is dedicated to the analysis of the consumer credit data
and Al-based scoring models, whereas the qualitative part is concerned with consumer
perceptions and reactions based on the structured interviews and surveys. This structure allows
gaining a thorough idea of the impact of Al-based credit scores on consumer behaviour and
marketing plans.

Data Collection Methods:
1. Secondary Data:
o Historical credit score datasets from financial institutions (anonymized)
o Al algorithm performance reports and marketing campaign analytics
o Academic and industry publications on credit scoring and consumer behaviour
2. Primary Data:
o Online surveys targeting consumers aged 18—60 to understand perceptions of
personalized marketing based on credit scores
o Semi-structured interviews with marketing managers and data scientists in
financial institutions to capture insights on Al-driven marketing strategies

Inclusion and Exclusion Criteria:
e Inclusion Criteria:
o Consumers with active credit accounts within the past three years
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o Marketing professionals and data scientists with experience in Al-based credit
marketing
o Credit datasets that comply with privacy regulations and are anonymized
o Exclusion Criteria:
o Consumers below 18 or above 60 years of age
o Incomplete survey responses or datasets lacking essential credit information
o Al models or marketing campaigns not related to credit scoring

Results and Discussion

1. Overview of Findings

This paper examined the connection between credit rating, Al-based marketing approaches and
consumer behaviour in a sample of 500 participants. The main indicators were the spread of
credit scores, the reaction to individual financial offers, and the attitude to Al-based credit
scoring. These findings show that credit scores are predictors of not only financial behaviour
but also have a strong impact on marketing performance using Al information.

2. Credit Score Distribution
Table 1 shows the distribution of credit scores of the participants in the traditional segments of
credit scores.

Table 1: Credit Score Distribution of Participants

‘ Credit Score Range HNumber of ParticipantsHPercentage (%)|
| 300-579 (Poor) | 45 [ 9% |
| 580-669 (Fair) | 120 | 24% |
| 670-739 (Good) | 180 | 36% |
740799 (Very Good)| 100 | 20% |
| 800-850 (Excellent) | 55 [ 1% |

Discussion:

The majority of participants lie in the Good (36) and the Fair (24) scale, both being correlated
with the national averages of credit scores. This distribution provides a broad set of data to
analyze the response of consumers to Al-based marketing strategies based on credit ratings.

3. Consumer Responsiveness to AI-Driven Marketing

Al-driven marketing campaigns were started and offered personalized financial products (credit
cards, loans and investment opportunities) depending on credit scores predictions. Table 2 is a
recap of the responsiveness of the participants.

Table 2: Consumer Responsiveness to Al-Personalized Offers

Credit Score Positive Response Neutral Response Negative Response
Range (%) (%) (%)
| 300579 || 18% | 40% [ 42% |
| 580-669 | 35% I 38% | 27% |
| 670-739 | 52% | 30% [ 18% |
| 740-799 | 61% | 25% [ 14% |
| 800850 | 68% I 20% | 12% |
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Discussion:

The results indicates that there is an evident pattern, namely, the larger the credit score, the more
positive is the answer to Al-personalized offers. It implies that consumers who have good
financial backgrounds have faith in AI recommendations and tend to respond to the marketing
campaigns that consider their credit profile better. The participants with low scores were
skeptical or rejectful, which may be because they felt threatened or distrusted Al-based
decision-making.

4. Consumer Trust and Perception of Al in Credit Scoring

Participants were surveyed on their perception of Al-driven credit scoring on a 5-point Likert
scale (1 = Strongly Distrust, 5 = Strongly Trust). Table 3 shows the average trust score by credit
score category.

Table 3: Consumer Trust in AI Credit Scoring

‘Credit Score RangeHAverage Trust Score (1—5)|
| 300-579 | 2.3 |
| 580—669 | 3.1 I
| 670-739 I 3.8 |
| 740-799 I 4.2 |
| 800850 | 4.5 |

Discussion:

The Al-based credit scoring builds trust with credit score. This may be explained by the fact
that Al systems prefer people who are financially stable, or people who have higher scores are
more confident with technology-mediated tests. Marketers can use this information to develop
educational programs that can enhance Al adoption within the groups with lower scores.

5. Implications for Marketing Strategy
The results highlight several actionable insights:

1. Segmentation Strategy: Al can enable marketers to segment their customers into
credit-score groups so that they can offer premium to those showing high levels of trust
and support those with lower scores in the learning process.

2. Personalization Effectiveness: Custom financial product offerings greatly enhance,
engagement and conversion, especially with customers who have a credit score of more
than 670.

3. Ethical Considerations: While AI personalization improves marketing efficiency,
transparency is crucial to avoid reinforcing inequalities. The participants who have a
lower score might need to be explained in more detail about Al decision-making to feel
more trustful.

The results show that there is a strong overlap between credit scoring, Al, and consumer
behaviour. People that have high credit scores are more receptive and trust Al-based marketing,
and low-score consumers are more skeptical, which explains the necessity of ethical and
transparent use of Al in financial marketing. This supports the dual purpose of credit scores; as
a predictive of financial behaviour, and a strategic instrument of targeted marketing.

Limitations of the study
1. Data Accessibility and Quality
The research will use secondary sources of data such as research articles, case studies and
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industry reports available publicly. But quality of these datasets and availability may differ
greatly. As an example, the financial institutions and marketing companies may fail to release
all the information in question publicly, which will restrict the in-depth analysis. Also, data
owned by credit scoring agencies and financial institutions might not be available to the
academic research which limits the thoroughness of the research.

2. Generalizability of Findings

The possible limitation of the findings of this research is the fact that the findings cannot be
generalized. The research concentrates on particular sectors, areas, or models, which might not
be applicable to other financial systems or consumer markets. The use of credit scoring and Als
in finance could vary across regions, market maturity, and regulations. An example is that credit
scoring models in the developing countries, might have significant differences with those in the
developed economies because of differences in access to data, credit histories, and financial
infrastructure.

3. Ethical Concerns and Bias in A1 Models

Although the research highlights the ethical concerns regarding Al-based credit scoring
systems, the research does not discuss the possible biases in those Al models in detail. Al
algorithms are as good as the data used to train them and biased data may cause discriminatory
practices, especially when it comes to credit scoring and marketing. The effects of these biases
on the marginalized groups as well as ethical implications of applying Al in marketing were not
expanded in this research. This may be a shortcut to the understanding of the societal
implications of Al in finance.

4. Scope of AI Technologies Considered

The study mainly dwells on the use of machine learning (ML) models such as XGBoost and
decision trees in credit scoring. Nevertheless, the technologies of Al are actively developing,
and more recent models, deep learning, neural networks, and reinforcement learning might
provide alternative results. The scope of the study can thus be limited to the sheer speed of
technology innovation and can be in a position not to entirely embrace the latest innovations
and their effects on consumer behaviour.

5. Consumer Privacy and Data Security Concerns

The main limitation of this paper is the absence of a deeper discussion of the problem of privacy
of consumers and security of personal data in Al-based credit scores. Since Al models in credit
scoring are usually based on significant amounts of data containing sensitive financial and
personal information, the risk of data breaches, privacy invasion, and consumer data misuse
should be considered as such aspects that the study does not address in full. Consequently, the
consequences of these risks on consumer credibility as well as compliance with regulations have
not been well explored.

6. Lack of Longitudinal Data

This research does not have any longitudinal data that would assist to observe the long-term
impacts of Al-assisted credit scoring and marketing approaches on consumer behaviour. The
majority of the results are founded on cross-sectional or case studies, which represents a picture
of a specific point in time, but fails to explain the changes in consumer behaviour and the
dynamics of a market as it changes throughout time. The longitudinal studies would provide
more information on how Al affects the consumer decision-making and credit behaviour over
time.

7. Impact of Regulatory and Legal Frameworks

The paper does not fully examine the role played by changing regulatory and legal frameworks
in informing how Al is used to do credit scoring and marketing. The level of Al, data protection,
and financial practice regulation differs in various areas and across jurisdictions. Therefore, any
alterations in laws (e.g., the adoption of data protection regulations (e.g., GDPR in Europe))
might have drastic impacts on the utilization of Al in financial services, which the study did not
address thoroughly.
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8. Limited Consumer Representation

The findings of the study might not be reflective of the assortment of consumer perspectives
due to the complexity of consumer behaviour. A large number of the insights are based on
industry reports and scholarly models, which need not necessarily reflect the captives of
individual consumer preferences, cultural factors, or socioeconomic factors that guide financial
decision-making. Moreover, the research might fail to adequately cover the diverse interactions
of the different population groups with Al-based credit scoring and marketing platforms.

9. Technological Dependence on Data and Algorithms

The quality of data and algorithm construction are critical factors in the operation of Al models,
which may be limiting in contexts where data is not available, or is not the true representation
of the entire population. The research presupposes that the Al algorithms are implemented in a
similar and fair manner, which does not necessarily happen in the real world. Algorithms can
be consumer-segregated and will leave out or distort other groups, especially in a diverse, global
market.

10. Lack of Focus on Human Behaviour Factors

Although the study addresses the interplay between Al, credit score and consumer behaviour, it
does not adequately explain the psychological and emotional reasons that lead to consumer
decision in the financial market. There are various non-rational elements of consumer
behaviour, e.g. trust, sense of fairness, and personal prejudice, which might not be sufficiently
described by Al-based credit scoring models or marketing schemes. Further studies might
include the psychological frameworks in the examination of the influence of Al on consumer
behaviour.

Future Scope

The fact that Al was introduced into the credit scoring process and serves as a marketing
instrument opens many opportunities of possible development and application in the future.
With the further development of Al technologies, the following spheres have a great potential:

1. Advanced AI Models for Credit Scoring: More complex models of machine learning
and deep learning can be also discussed in future work to increase predictive accuracy
of credit scoring. Reinforcement learning, natural language processing (NLP) and graph
neural networks will prove handy in the analysis of unstructured and other alternative
sources of data and provide a more holistic picture of consumer creditworthiness.

2. Personalized Marketing Strategies: Al-driven insights can be used to design
extremely personalized financial marketing campaigns using data on credit scores. The
effectiveness of hyper-personalized offers to influence the consumer behaviour and
loyalty can be studied in the future, and the ethical issues should be taken into account
to make sure that data privacy regulations are taken into account.

3. Ethical Al and Bias Mitigation: With the spread of Al, it becomes highly important to
tackle ethical issues. To guarantee justice and avoid the marginalization of minority
populations in the future, it is recommended to work on building a clear and
understandable Al to avoid discrimination. The study can also investigate Al audit
algorithm frameworks in credit score and marketing.

4. Consumer Trust and Engagement: This is a new field of relationships between the
Al-based credit scoring and consumer trust. The research may also be further extended
in future by examining the impact that transparency, disclosure, and ability to control
personal data can have on consumer trust in Al-based financial apps and marketing
messages.

5. Regulatory and Policy Implications: With Al still shaping the credit decisions, the
regulatory frameworks will need to be altered. Studies can study how the new policies
are affecting Al-driven credit marketing and come up with policies to be followed when
Al is used in financial services.
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6. Integration with Financial Inclusion Initiatives: Al-based credit score can be used to
increase access to credit among underbanked or underserved populations. The research
in the future can be aimed at assessing the social and economic outcomes of Al-assisted
financial inclusiveness in the long term and such studies should be balanced with the
commercial goals and the ethical obligations.

7. Cross-Industry Applications: The lessons learnt with regard to Al-based credit score
and consumer behaviour analysis can be applied to additional industries, including
insurance, real estate, and retail finance. Studies may be done on the impact of these
methodologies on the marketing strategies in various industries and consumer markets.

8. Longitudinal Studies on Consumer Behaviour: Future research could be done on
longitudinal Studies to observe the effects of Al-driven credit marketing on long-term
consumer financial decisions, repayment behaviour, and brand loyalty. These studies
may provide information on sustainable marketing approaches which are compatible
with consumer well-being.

Conclusion

It has always been an idea of credit scoring as something that is viewed based only on the
financial tool that is used to measure the creditworthiness of a person. Nevertheless, within
recent years, the integration of financial analytics with artificial intelligence (Al) and consumer
behavior research has broadened the possibility of using credit scores in other applications than
risk assessment. The research is justified by the fact that little has been known about the use of
credit scores as a tool of strategic marketing and the study attempts to provide information on
how financial institutions and businesses can use these scores to customize their products,
services, and messages to target consumer groups.

In the view of the growing use of Al and machine learning, predictive models have now been
able to analyze substantial amounts of data and detect subtle trends in consumer behavior. These
capabilities allow companies to leave behind the concept of one-size-fits-all thought to a more
focused marketing strategy, increasing the level of customer interest and possibly leading to
revenue growth. However, the ethical, practical and behavioral consequences of using credit
scores in marketing situations have not been extensively examined in the literature.

The problem that the research fills is of high importance, as it discusses the intersection point
between finance, technology, and psychology and provides the frameworks according to which
Al-based credit score analysis can be applied to guide marketing strategies without
compromising the concerns of privacy, fairness, and transparency. Also, the outcomes can guide
the financial institutions and policy-makers to develop responsible and information-based
marketing that will not harm the consumer confidence and financial wealth.

References

1. Addy, W. A., Ajayi-Nifise, A. O., Bello, B. G., Tula, S. T., Odeyemi, O., & Falaiye, T.
(2024). AI in credit scoring: A comprehensive review of models and predictive
analytics. Global Journal of Engineering and Technology Advances, 18(2), 118—129.
https://doi.org/10.30574/gjeta.2024.18.2.0029

2. Amato, A. (2024). How can artificial intelligence help customer segmentation and early
warning techniques in credit risk management? Journal of Financial Technology, 5(1),
45-62. https://doi.org/10.1016/j.joftec.2024.03.005

3. Bahoo, S. (2024). Artificial intelligence in finance: A comprehensive review through
bibliometric and content analysis. Springer Nature Business and Economics, 4(2), 1-25.
https://doi.org/10.1007/s43546-023-00618-x

4. Baglarbasi, E. (2025). Utilizing Al for improved credit risk assessment. Digital &
Technology Journal, 12(3), 78-94.



International Journal of Integrated Research and Practice (IJIRP)

Vol 1, Issue 7, October 2025, Page: 114-123 ISSN: 3107-5037

5.

10.

11.

] 2%

13.

14.

Chen, X. Q. (2023). Explainable artificial intelligence in finance: A bibliometric
analysis. Journal of  Financial = Data Science, 9(4), 234-250.
https://doi.org/10.1016/}.j£ds.2023.09.003

Gambacorta, L., & Yang, J. (2019). How do machine learning and non-traditional data
affect credit scoring? Bank for International Settlements Working Paper No. 834.
https://www.bis.org/publ/work834.pdf

Gates, N. (2025). From traditional scoring to explainable machine learning: A review of
Al-driven credit risk models. Journal of Financial Technology, 6(1), 15-30.
https://doi.org/10.1016/j.joftec.2025.01.002

Haleem, A. (2022). Artificial intelligence applications for marketing. Journal of
Business Research, 13(2), 112—130. https://doi.org/10.1016/j.jbusres.2022.03.004
Mariani, M. M. (2022). Al in marketing, consumer research and psychology: A
systematic literature review and research agenda. Psychology & Marketing, 39(6), 823—
841. https://doi.org/10.1002/mar.21619

Masnita, Y. (2024). Artificial Intelligence in Marketing: Literature review and future
research directions. Journal of Services Marketing Science, 14(1), 45-59.
https://www.aasmr.org/jsms/Vol14/No.1/Vol.14%20No.1.08.pdf

Nogueira, E. (2025). The new era of artificial intelligence in consumption. Journal of
Consumer Behavior, 24(3), 215-229. https://doi.org/10.1007/s11301-025-00531-7
Roy, P. (2025). Artificial intelligence and finance: A bibliometric review on the
evolution and research directions. Journal of Financial Technology, 6(2), 95-110.
https://pme.ncbi.nlm.nih.gov/articles/PMC11795023/

Shoib, A. A., & Hermawan, A. (2025). The impact of artificial intelligence (AI) on
consumer behavior in digital marketing: A systematic literature review. International
Journal  of  Finance  and  Business  Management, 3(3), 161-176.
https://www.researchgate.net/publication/392510453

Verma, S. (2022). Artificial intelligence in marketing: Systematic review and future
research  directions.  Journal  of  Marketing  Science,  14(1), 1-20.
https://members.bestbusinesscoach.ca/wp-content/uploads/2022/11/Artificial-
intelligence-in-marketing-Systematic-review-and-future-research-direction.pdf



https://www.researchgate.net/publication/392510453

