
International Journal of Integrated Research and Practice (IJIRP) 

Vol 1, Issue 5, August, 2025, Page: 70-77 ISSN: 3107-5037 

 

Digital Lending Platforms: Creditworthiness Assessment Using AI 

 

Dr. Priti Aggarwal 

Professor, IMC Pravinchandra V. Gandhi Chair in Banking & Finance 

Jamnalal Bajaj Institute of Management Studies (Autonomous), University of Mumbai 

 

Abstract 
The explosive growth in digital lending platforms is changing the old credit world as we knew 

it and making available to the borrowers quicker rates of access to financial services and 

posing new challenges to lenders regarding risk measurement. This paper describes the use of 

artificial intelligence (AI) in credit risk assessment, highlighting the possibility of its use in 

improving decision-making and default prevention along with promoting financial inclusion. 

As digital lenders use machine learning, natural language processing and predictive analytics 

to digest ample amounts of diverse data, including transactional history and social behavior as 

well as alternative data sources, more precise, real-time analyses of borrower reliability can be 

made. In this study, the performance of different AI models, such as decision trees, random 

forests, neural networks and ensembles approaches, in warning credit risk and streamlining 

approval of loans is investigated. A comparison feature illustrates the performance, 

interpretability, and scalability of such models that meet operational efficiency as well as 

regulatory compliance. Also, the paper explores the issues surrounding AI-based credit 

assessment, like data privacy, AI-bias and ethics in AI, offering several frameworks in 

reducing threats whilst maintaining transparency and fairness. Evidence suggests that AI-

based credit scoring models can be more accurate, faster, and dynamic than the existing 

methods of credit evaluation, especially in the emerging economies where formal credit 

histories are scant. It ends with a hire of provocative conclusions in the form of strategic tips 

that financial institutions should adhere to incorporate AI in a responsible way with a 

combination of creating a continuous monitoring of the models, variety of data sources 

(inclusion), and compliance to ethical lending concepts. Through technological innovations 

and in-depth risk management, AI-led digital lending services can transform the model of 

credit evaluation and enhance better access to financial opportunities, as well as contribute to 

sustainable development of the digital economy. 
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Introduction 

Lending Financial technology has transformed the lender market incredibly through this 

dynamic nature and the market has had a transition towards the digital lending platform that 

has become an essential intervention in the credit sector. Advanced algorithms, information 

analytics, and artificial intelligence (AI) the platforms can provide lenders with a precise and 

efficient metric of the creditworthiness of the borrowers against a conventional method of 

lending mode. Unlike traditional banks where historically-driven credit scores and collateral 

are given a high priority; AI-based digital lending platforms take into consideration highly 

diverse data sets such as transactional histories, social behaviors, and other financial indicators 

to make real-time lending decisions. The transfer is not merely accelerating the loan issuance 

process but also increases the rate of financial inclusion as the members of the underserved 

have the possibility to access financing that was unable to develop a formal credit history. 
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Source: https://decentro.tech/blog/digital-lending/ 

 

There are significant advantages that come with using AI in credit evaluation, and they entail: 

predictive accuracy, reduction in risk and scalability in operation. ML models are capable of 

identifying patterns and even correlation that human beings may overlook, thus, due to these 

ML models, lenders may be in a better position to pre-determine whether one will default and 

charge default-related interest rates. Nevertheless, the dependence on AI includes some 

significant factors leading to concern over transparency, bias algorithm, and data privacy. It is 

important that these models deliver explainable decisions based on fair practice to retain 

confidence by audience and regulators. 

This study discusses the approaches and systems through which digital lending platforms 

evaluate creditworthiness based on AI. It explores the computer code, data points, and other 

experiences used to support automated lending, both opportunities and issues. This study 

expects to provide an understanding of how the efficiencies and accessibility of AI-powered 

credit evaluation may be balanced with economic responsibility and ethical responsibility by 

examining its strengths and weaknesses. The results aimed at advising the policymakers, 

financial institutions and technologists in the field of optimising digital lending practice in the 

interest of the borrowers. 

 

Background of the study 

The world of the financial sector has been shaken in recent years with a groundbreaking 

change that has been taking place due to the emergence of digital lending platforms, changing 

the way credits are assessed and loans issued. In contrast to traditional banking systems where 

history-based credit scores are extensively used in evaluation and where the big share is taken 

by manual rates, digital lending services implement the use of complex technologies, 

specifically artificial intelligence (AI), to automate and simplify the process of 

creditworthiness assessments. By making this technological integration, lenders will be in a 

better position to process loan application, minimize their own operations cost, as well as 

increase access to credit to small businesses and individuals that do not have a strong 

traditional credit history. 

Machine learning and big data analysis is applied to AI-driven credit evaluation to consider a 

wide range of factors, such as transaction histories, social behaviors, employment patterns, 

and alternative financial data. In so doing, such sites look to better identify a borrowers 

propensity to repay than legacy scoring models represent. This model not only provides a 

better way of managing the risk of lenders, but it also enables the financial inclusion of the 

underserved populations as they can get opportunities. 

Nevertheless, using AI in digital lending is accompanied by some issues as well. The concerns 

regarding data privacy, algorithmic bias, transparency, and compliance with regulations have 

triggered the discussion of the ethical and legal aspects of automated credit evaluations. 

Besides, the credibility of the results provided by AI models is predetermined by the quality of 

the input data and its variety, so that the process of ongoing monitoring and improvement 
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becomes imperative. 

Since digital lending portals are proliferating at such a pace across the globe, it is vital to be 

aware of the role of AI in ascertaining creditworthiness. This study aims at investigating the 

processes, advantages, and drawbacks of AI-assisted credit evaluation, which may assist 

financial institutions to streamline their lending-related processes and maintain safety and 

equity in the lending sector, as well as the borrowers. 

 

Justification 

Digital lending platforms have drastically changed the financial services sector over all the 

recent years due to the introduction of faster and easily accessible and inclusive debt 

provisions. Conventional ways of financing may be ineffective in identifying the unique 

financial habits of different borrowers because they doorstep excessively on manual credit 

assessment, and conventional scoring models. This restriction leads to costs (delays and 

inefficiencies) and in some cases denial of potentially creditworthy applicants. 

Recently Artificial Intelligence (AI) has provided a strong alternative in being able to make 

more accurate and data-driven decisions about creditworthiness. AI with the help of machine 

learning algorithms and predictive analytics has the ability to analyze large amounts of both 

structured and unstructured data, find minor trends, and produce feasible risk profiles. Use of 

AI in credit assessment may enhance the efficiency of decision-making, minimizes the 

tendency of default, and extend credit opportunities to the underbanked markets. 

The justification of the research is that it will fill both practical and subjective gaps in the field 

of financial technology. In practice, it aims at increasing performance rates and reliability of 

digital lending basis, in the end leading to financial inclusion. In theory, it identifies the ways 

in which the models driven by AI can either be complementary or even re-determinative in 

regard to the traditional credit assessment paradigms, providing information to both 

researchers and financial institutions and policymakers. Moreover, the research is relevant to 

address a growing demand to find new solutions in the context of growing digital payments 

and changes in customer behaviour. 

The present study benefits more than the theoretical knowledge; valid data on how AI could 

be used to determine the creditworthiness of people will help policymakers ensure that the 

development of efficient, secure, and inclusive digital lending reaches its ultimate goal. 

 

Objectives of the Study  

1. To analyze the role of digital lending platforms in transforming traditional credit evaluation 

processes. 

2. To investigate how artificial intelligence (AI) technologies are utilized to assess borrowers’ 

creditworthiness accurately. 

3. To evaluate the effectiveness of AI-driven algorithms in predicting loan repayment 

behavior and reducing default risk. 

4. To identify key factors and data points that influence AI-based credit scoring models. 

5. To examine the challenges and ethical considerations associated with AI implementation in 

digital lending. 

 

Literature Review 

Online lending can be defined as a disruptive force in the financial sector since it provides a 

faster and more accessible credit scheme compared to what the different conventional methods 

like banks provide. Researchers have found that the accuracy and performance of 

creditworthiness determination may significantly be enhanced due to the applicability of 

artificial intelligence (AI) in such systems. Credit analysis based on AI allows the use of big 

data, even non-traditional sources of financial data, and may enable the lender to make 

intelligent decisions by reducing improper human bias (Chen et al., 2021). 
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Examples of decision trees, support vector machines, and neural network algorithms have 

been heavily used in the digital lending systems to make decisions on what the borrower 

would do next and whether he/she would default or not (Khandani et al., 2010). The 

algorithms that they use are grounded in the past credit information, history of purchases or 

using a card, and other non-traditional information such as social media activities and cell 

phone use that is used to make a decision on credit worthiness. Studies indicate that the 

artificial intelligence assessment is likely to work better than the traditional credit scoring 

model because it identifies some trends that human experts may not even know about (Brown 

& Mues, 2012). 

Also, the use of AI in digital lending is highly connected to risk mitigation. Xu and Zhang 

(2020) have suggested that AI models can not only enhance the accuracy of default prediction, 

but also enable dynamical modification of credit limits and interest rates in keeping with the 

changing behavior of the borrower in real-time. This is because of the dynamic assessment 

model which contributes towards lowering non-performing loans and also improves on the 

quality of the portfolio as a whole. 

Nevertheless, there is also a number of studies that indicate challenges related to AI-based 

credit evaluation. Digital lending has many ethical issues that involve algorithmic bias, data 

privacy, amongst others (Binns, 2018). There are concerns about the fairness and regulatory 

compliance of AI models that are trained using biased historical data because the models have 

a potential impact of discriminating against individuals of a particular demographic group. 

Therefore, scholars stress the necessity to be transparent, explainable, and monitored during 

lending by AI algorithms (Barocas et al., 2019). 

Furthermore, AI models scalability and adaptability in digital lending have been discussed. 

The applicability of machine learning models, especially ensemble models and deep learning 

based models in the context of an unstable market environment has been found to be very 

accurate, greatly appliable to an emerging market where traditional credit information is 

limited (Sironi, 2016). Such flexibility makes digital lending possible to target underbanked 

populations with preserved risk management. 

Overall, the literature implies that digital lending platforms, which rely on AI, can 

significantly enhance the evaluation of creditworthiness because it has a positive impact on 

predictive effectiveness, efficiency, and risk management. However, there is still a need to 

provide ethical, regulatory and technical issues necessary to realise sustainable and 

responsible use of such technologies in the financial sector. 

 

Material and Methodology 

Research Design 
This study employs a quantitative research design with a descriptive and analytical approach 

to examine how artificial intelligence (AI) algorithms assess creditworthiness on digital 

lending platforms. The research focuses on identifying patterns and correlations between 

borrower data, AI model predictions, and actual repayment behaviors. Machine learning 

techniques such as decision trees, logistic regression, and neural networks are applied to 

historical lending datasets to evaluate model accuracy and predictive performance. 

 

Data Collection Methods 
Primary data for this study are collected from anonymized records provided by digital lending 

platforms, including loan applications, repayment histories, and demographic information of 

borrowers. Secondary data sources include industry reports, scholarly articles, and publicly 

available datasets related to digital finance and AI-based credit scoring. Data preprocessing is 

carried out to remove inconsistencies, normalize inputs, and encode categorical variables for 

AI model training. 
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Inclusion and Exclusion Criteria 
 Inclusion Criteria: Borrower records with complete demographic and financial 

information, digital lending transactions within the last five years, and platforms employing 

AI-based credit scoring systems. 

 Exclusion Criteria: Records with missing or incomplete data, borrowers under the age of 

18, loans not processed via AI systems, and any duplicate or fraudulent entries. 

 

Ethical Considerations 
The research strictly adheres to ethical standards for data privacy and protection. All borrower 

data are anonymized to ensure confidentiality. Permission to access platform datasets is 

obtained through formal agreements with the respective companies. The study complies with 

relevant data protection regulations, such as GDPR, and ensures that findings are reported 

objectively without any misuse of sensitive information. No personal identifiers are stored, 

and results are presented only in aggregated form. 

 

Results and Discussion 

1. Overview of Data Analysis 

The study analyzed data collected from 5,000 digital loan applications processed through AI-

enabled lending platforms. The primary objective was to evaluate the effectiveness of AI 

algorithms in assessing the creditworthiness of applicants compared to traditional scoring 

models. Key variables included applicant demographics, financial behavior, credit history, and 

repayment performance. 

 

2. AI Model Performance 

Three AI models were tested for creditworthiness assessment: Logistic Regression (LR), 

Random Forest (RF), and Gradient Boosting Machine (GBM). The performance metrics used 

were Accuracy, Precision, Recall, and F1-Score. 

 

Table 1: AI Model Performance Metrics 

Model Accuracy (%) Precision (%) Recall (%) F1-Score (%) 

Logistic Regression (LR) 82.4 80.1 78.5 79.3 

Random Forest (RF) 89.6 88.2 87.1 87.6 

Gradient Boosting Machine 91.2 90.5 89.3 89.9 

 

Discussion 
The Gradient Boosting Machine outperformed other models in all metrics, indicating superior 

predictive capability. Random Forest also showed strong performance, while Logistic 

Regression lagged slightly behind, demonstrating that ensemble learning approaches can 

better capture nonlinear relationships in financial data. 

 

3. Creditworthiness Prediction Accuracy 

Applicants were categorized as high-risk, medium-risk, or low-risk. The AI models’ 

predictions were compared against actual repayment outcomes. 

 

Table 2: Creditworthiness Prediction vs Actual Repayment 

Risk Category Actual Defaults Predicted Defaults (GBM) Accuracy (%) 

High-Risk 620 610 98.4 

Medium-Risk 1,150 1,120 97.4 



International Journal of Integrated Research and Practice (IJIRP) 

Vol 1, Issue 5, August, 2025, Page: 70-77 ISSN: 3107-5037 

 

Risk Category Actual Defaults Predicted Defaults (GBM) Accuracy (%) 

Low-Risk 3,230 3,210 99.4 

 

Discussion 
The AI model accurately identified high-risk applicants, minimizing potential losses for 

lenders. Its ability to distinguish medium-risk applicants also supports more informed lending 

decisions. The high accuracy in low-risk categories suggests the model reliably identifies 

creditworthy individuals, facilitating financial inclusion. 

 

4. Feature Importance 

The AI models highlighted key features affecting creditworthiness assessment. 

 

Table 3: Top Features Influencing Creditworthiness (GBM) 

Feature Importance Score (%) 

Credit History Score 35 

Monthly Income 20 

Debt-to-Income Ratio 18 

Previous Loan Repayment 15 

Employment Stability 12 

 

Discussion 
Credit history and financial stability metrics were the most influential in AI predictions. This 

aligns with traditional lending criteria but demonstrates that AI models can quantitatively 

weigh multiple features simultaneously, improving assessment accuracy. 

 

5. Implications for Digital Lending Platforms 

The results indicate that AI-driven credit assessment can reduce default rates and improve 

operational efficiency. Lenders can leverage these insights to: 

1. Automate risk evaluation without compromising accuracy. 

2. Expand lending to underserved populations by objectively assessing creditworthiness. 

3. Optimize loan interest rates based on predicted risk profiles. 

The study confirms that AI models, particularly ensemble learning approaches like GBM, 

significantly enhance the accuracy of creditworthiness assessment in digital lending platforms. 

The integration of AI not only improves decision-making but also strengthens financial 

inclusion by providing fairer and data-driven lending assessments. 

 

 

 

Limitations of the study 

1. Availability and Quality of Data 

Creditworthiness evaluation with the use of AI relies significantly on the quality and quantity 

of the data about borrowers. In this research, there was a lack of access to complete financial 

history and sources of other data, which can influence the quality of predictive models. 

2. Algorithmic Bias 

Whereas AI models can provide effective decision-making, they are vulnerable to the biases in 

historical data. This research appreciates that due to the intrinsic flaws in the training datasets, 

it may affect credit risk analyses whereby some demographic groups are prejudiced. 

3. Findings Generalizability 
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The study is mainly concerned with certain digital lending platforms and data sets at the given 

moment of the research. Therefore, the findings might not have direct transferability to all the 

cases of digital lending as well as geographical areas. 

4. Technological Flux Manchester 

Digital lending is a rapidly changing environment, and AI algorithms and corresponding 

regulatory frameworks are being updated often. The results of this study can be less relevant 

when using new tools, techniques or requirements of compliance. 

5. Minimal range of variables 

The study focused on an identified category of financial and behavioral financial indicators on 

the basis of creditworthiness yearning. Other factors that could have been used such as 

macroeconomic changes, the influence of peers or unstructured information on social sites 

have been avoided due to their inability to collect them. 

6. Ethical and Privacy Limitations 

They guarded against access to sensitive personal and financial information in order to 

conform to the privacy laws and ethics. This can be a limit that limited the depth of analytical 

results and the model accuracy. 

 

Future Scope 

The study about the digital lending platforms with AI-based creditworthiness determination 

raises many possibilities of further research and creation. Future research might be devoted to 

increasing this accuracy and fairness by extending the current AI-driven credit scoring models 

to include other data sources, including social behavior, utilities payment history, and online 

shopping behavior. Also, the introduction of explainable AI (XAI) solutions might enhance 

transparency, and both lenders and borrowers can be aware of the logic behind the automated 

credit decision, thus, enhance digital lending systems trust. 

The dynamic market structure applied to the financial market also requires adaptive AI models 

that can perform risk assessment in real-time that platforms can react proactively to market 

changes, or to reactive behavior of borrowers. In addition to this, extending the AI-based 

creditworthiness appraisal to underbanked and unbanked people will allow a widened 

financial inclusion of the global population. Lastly, the ethical and legal implications of AI-

based lending can be explored in future studies, to make sure that automated credit scores will 

be fair, sound, and in line with changing financial regulation. 

 

Conclusion 

Artificial intelligence in digital lending platforms has brought enormous changes to the usual 

ways of credit evaluation. These platforms can use meaningful large and heterogeneous sets of 

data by relying on AI-driven algorithms to determine the creditworthiness of borrowers faster, 

more accurately and objectively than traditional methods. This study reports on how AI, 

besides its predictive ability, limits the possibility of human bias and makes financial services 

more inclusive, available to a wider range of people. Nonetheless, effective regulatory 

frameworks, open model design, and constant monitoring are also touched upon in the study 

in order to curb some of the possible ethical and functional pitfalls. On the whole, AI-enabled 

credit decisioning in online lending is an area with a potential to enhance financial innovation 

and support the sustainable lending using responsible and equitable practices. 
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